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2. Analytically extract the final state after the Susceptibility (o)

Two natural questions arise: pandemic

-

3. Develop model for the second wave with
initial conditions being the final state of the
pandemic

e Do assumptions on the population structure S 4. Plot the curve of Ry vs. o e Miller, ].C. (2011). “A note on a paper by Erik Volz: SIR dynamics in random networks”
affect the prediction?

e How much antigenic drift is required for the
recurrence of a pandemic strain?
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